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Correspondence
Initialization

Correspondence Homography

) Hough transform for homography verification
é Inverted Hough transform for correspondence recommendation
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1052 80 = {mig, = (0F 02 Hig, )} () 0 @ ded Bt B R ARG R AR

R LA * R(v)) Y{* REH S vl MR L o BRI > A £ KDE
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2 R RPE BRI AT
ERLETHELE TR HABE LB G P E - B kE ARG RS A2 NP BE

d(myy m)>

g

NP 1
(RS ITA i A * * ° e = N * o __ i
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Bk o A AR e L H o a v) B Hp KIP BRI IR ST o A R0V
fe ¥ chdd Bl ) B d T 55 Vg
Q sns?

V) = arg max_—g (13)
vgeVQ k

B omy = (vDvd Hy) € EHS 527 i s M %5 M « MjUmyg, o #3017 ¢ 5 - #Hik
%é%"‘éi@f?i%%ﬁ% vl B N M = U?’:lMi( T)EI R E M%g&ﬁ%i“éﬁ o F B A
g% e BB T 3R = (C) o
BA e r B Ak s G AP AR & 9 B 0N i EHE Y fF R RRIE FEORE

B d G iR Rl R T L I {o g (harmonic enrichment) o 24 9 7 0 iR s R E S 1B
AR e art ) FIR RS (C)il > A3 E HE R - S N R E H RO ik
EEERBEREH  E et MECHFF » THUERER L LG are JLER kg FBER

EEESTE R e e B2 Apary R Y YA 234K phE gkl KA

e AY ‘\‘L A I.L J ‘- 2% ‘\‘L
7 = R s E Ll

Wl Py T

1:  Input: Feature sets V¥ and V?; Max iteration T
2:  Output: Matched correspondences M *
M ii=1NPVvia Mi=miif=viP, vikQ, Hitkh=1r (6)

4. while t<T do
5: M* <0
6: forall v¥ € V? do
7: Detect correspondence m;;; € M; via mii'® * B =

arg max e nenof) 0 (- —d(mﬁ"m)) (10)

M* = M um;;
forall v¥ € V? do

v Vvia vkQ=arg max va (e VQ.S'nSk@SUka (13);
11: Construct my, = (v, v, Hy) ;
12: M; « M; Umyy ;

13: Sort elements in M ™ with thresholding;
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(SM) [18]~reweighted random walks (RRWM) [33]- #* #} > 2% i ¥4 4 — i baseline>Hough voting (HV) »
w13 baseline ¥ 4 {730 e 2 7 B X gk ehdts o 4 ﬂ"’»”ﬁ ot g 2NN SRR F AR e oD
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BRI MU ART AR e B TR E Y S AN R S W R SO e
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